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Abstract
Objective Nearly all studies treat the Five FacetMindfulness Questionnaire as five independent scales (onemeasuring each of the
five facets), yet almost no methodological work has examined the psychometric structure of the facets independently. We address
this issue using factor analytic methods.
Methods Exploratory and confirmatory factor models were fit to item response data from a sample of 522 adults recruited online.
Findings were replicated in a sample of 454 adults receiving aftercare for substance use disorder.
Results Parallel analysis suggested multiple factors for all five facets, in both samples. Exploratory factor models suggested the
presence of method factors on the acting with awareness (items using the term “distraction”) and describing facets (items that
were reverse-scored). Confirmatory factor models fit poorly for all facets, in both samples. In follow-up analyses, model fit
improved substantially on the acting with awareness and describing facets when method factors were included in a bifactor
model. Model fit was also better for the facets of FFMQ short forms than for the full-length facets. The short-form facets and
original facets correlated similarly with external criteria in both samples.
Conclusions None of the FFMQ facets fit a unidimensional factor model; yet, follow-up analyses suggested that each can be
considered substantively unidimensional. Initial tests suggest that the facets’multidimensionality did notmaterially impact their relation
to other psychological constructs, suggesting that multidimensionality can be ignored for some purposes. The use of short-form facets
or latent variable models (e.g., bifactor specifications) are both viable solutions for addressing multidimensionality when desired.
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The Five Facet Mindfulness Questionnaire (FFMQ; Baer et al.
2006) is one of the most popular self-report questionnaires for
measuring mindfulness, having been cited more than 2100 times
(per Web of Science on August 26, 2019). The FFMQ concep-
tualizes mindfulness as having five different dimensions—acting
with awareness, describing, nonjudging, nonreactivity, and ob-
serving. In accordance with this conceptualization, almost all
studies treat the FFMQ as five independent scales (one measur-
ing each of the five facets) rather than as a unified, 39-item scale.
However, we are aware of only one prior investigation of the
psychometric structure of the individual facets (Tran et al. 2013).

The FFMQ was originally developed by factor-analyzing a
total of 112 items from five different existing mindfulness
questionnaires: the Mindful Attention Awareness Scale
(MAAS; Brown and Ryan 2003), the Freiburg Mindfulness
Inventory (FMI; Buchheld et al. 2001), the Kentucky
Inventory of Mindfulness Skills (KIMS; Baer et al. 2004),
the Cognitive and Affective Mindfulness Scale (CAMS;
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Feldman et al. 2004), and the Mindfulness Questionnaire
(MQ; Chadwick et al. 2008). All five questionnaires were
administered to a sample of 613 undergraduate students. A
five-factor solution was chosen in exploratory factor analysis
(EFA), with each factor corresponding to a facet on the
resulting FFMQ. The authors retained the eight items with
the highest factor loadings for each of the acting with aware-
ness, describing, nonjudging, and observing facets; only seven
items loaded on the nonreactivity factor. A confirmatory factor
analysis (CFA) with five intercorrelated factors exhibited ac-
ceptable fit in a replication sample of 268 undergraduate stu-
dents (root mean square error of approximation [RMSEA] =
0.06, comparative fit index [CFI] = 0.96).

Since its initial publication, the five-factor psychometric struc-
ture of the FFMQ has been replicated in many samples and in
diverse contexts (e.g., Christopher et al. 2012; Curtiss and
Klemanski 2014; Veehof et al. 2011; Williams et al. 2014).
However, nearly all psychometric work has evaluated the scale
as a unified, 39-item form (e.g., in a five-factor CFA), contrary to
how the FFMQ is typically used. Most investigators treat the
FFMQ facets as five separate scales that can be used to test
how different dimensions of the mindfulness construct may play
different roles in the psychological phenomenon of interest. For
example, Clerkin et al. (2017) tested each of the five facets in a
separate model when examining how mindfulness may mediate
the relation between social anxiety and drinking problems,
reporting findings of mediation for only the acting with aware-
ness, nonjudging, and describing facets. To characterize the fre-
quency of this practice, we reviewed all articles citing the FFMQ
that were published in 2017 in the journalMindfulness. 33 of 36
articles (92%) used one or more facet scores as separate variables
in an analysis, and only 15 of 36 articles (42%) used a total score
(i.e., created by adding together more than one facet) in an anal-
ysis (see supplement for article coding).

If the facets are to be used as independent scales, then it will
be important to evaluate the psychometric properties of each
scale separately. No evidence is provided in the initial FFMQ
publication that the facets independently display good fit to a
unidimensional factor model (Baer et al. 2006). In fact, be-
cause the FFMQ was created by factor-analyzing several
existing scales and retaining items with the highest factor
loadings, it might be especially vulnerable to psychometric
issues such as retention of redundant items and narrow con-
struct definition (Podsakoff et al. 2012; Smith et al. 2000).
Because the items on different scales were written by different
authors and at different points in time, method factors (e.g.,
item wording) may be confounded with substantive factors
(e.g., the nonjudging construct) when the items are analyzed
together in the same factor analyses. Moreover, item-level
issues may have been obscured during scale development be-
cause the items were parceled (i.e., grouped together and then
averaged) before factor analyses (Christopher et al. 2012;
Little et al. 2002).

Three lines of evidence suggest the FFMQ facets may not
each be unidimensional. First, van Dam et al. (2012) found
that adding method factors for item valence (i.e., positive vs.
negative valence) significantly improved the fit of the FFMQ
in confirmatory factor analyses. Thus, the facets that contain a
mix of positive and negative items may not fit a unidimen-
sional model. Second, inspection of the FFMQ items (Table 1)
suggests the presence of item duplication and items with
shared wording, both of which can compromise unidimen-
sionality. The acting with awareness facet provides an exam-
ple of item duplication. The text of item 13 (“I am easily
distracted”) is completely subsumed within the text of item 5
(“When I do things, my mind wanders off and I’m easily
distracted”). Such duplicative items may have been intro-
duced to the FFMQ because its items were selected solely
on the basis of maximizing factor loadings in a large EFA
(Baer et al. 2006), rather than written and selected to fit well
together. If an item pool contains duplicative items, the dupli-
cative items may correlate highly and take over the factor
definition, obtain high factor loadings, and thus be selected
for retention. The nonreactivity facet provides an example of
items with shared wording. Four of its items were drawn from
the FMI and begin with the identical stem, “When I have
distressing thoughts or images…”, but the remaining three
items were drawn from theMQ and do not contain this phrase.
When items are duplicated or share wording, the variance
common across items will be explained not only by the latent
factor (i.e., mindfulness) but also by extraneous method fac-
tors. Indeed, local dependence (Yen 1993), or the covariance
of items for reasons other than the common factor, has been
found on the FFMQ in multiple samples (Medvedev et al.
2017; Tran et al. 2013).

Third, the only published evaluation of the psychometric
structure of the individual FFMQ facets yielded a pattern of
results consistent with the presence of unmodeled method fac-
tors. In the process of developing a short form, Tran et al. (2013)
fit unidimensional factor models to each of the five facets in an
Austrian community sample (N = 640). Model fit for three of the
five facets met conventional guidelines for the CFI (all above
0.96) but not the RMSEA (ranging from 0.07 to 0.12) (Lai and
Green 2016). However, fit for both the actingwith awareness and
nonreactivity facets was unacceptable, with RMSEAs above
0.10 and CFIs below 0.90. Fit could be improved to an accept-
able level only by correlating a series of residual item variances
(i.e., addressing items with similar content and wording). If rep-
licated, such a result would suggest that these two facets of the
FFMQ may reflect more than one underlying construct.

In summary, almost all applications of the FFMQ treat the five
facets as separate scales, but almost no psychometric work has
evaluated them as separate scales. The only published evaluation
of their structure as independent scales indicated that multiple
facets fit the unidimensional factor model poorly, and there are
several reasons to expect this poor fit to replicate (e.g., the
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Table 1 Descriptive statistics for FFMQ item responses in the primary sample

Facet Item On
FFMQ-24

On
FFMQ-23

Source Mean SD % per response value Item label

Acting with
awareness

5 ✓ KIMS 3.42 1.08 0.06/0.15/0.27/0.37/0.15 When I do things, my mind wanders off and I’m
easily distracted

8 ✓ KIMS 3.86 0.96 0.01/0.07/0.25/0.38/0.29 I do not pay attention to what I’m doing because I’m
daydreaming, worrying, or otherwise distracted

13 ✓ CAMS 3.52 1.10 0.05/0.13/0.26/0.36/0.20 I am easily distracted

18 ✓ ✓ MAAS 3.82 0.98 0.01/0.09/0.24/0.38/0.28 I find it difficult to stay focused on what’s happening
in the present

23 ✓ MAAS 3.78 1.00 0.02/0.10/0.24/0.39/0.26 It seems I am ‘running on automatic’ without much
awareness of what I’m doing

28 ✓ MAAS 4.03 0.90 0.01/0.05/0.21/0.39/0.35 I rush through activities without being really attentive
to them

34 ✓ MAAS 3.82 0.94 0.01/0.07/0.28/0.38/0.27 I do jobs or tasks automatically without being aware
of what I’m doing

38 ✓ MAAS 3.86 0.98 0.02/0.07/0.23/0.39/0.29 I find myself doing things without paying attention

Describing 2 ✓ KIMS 3.48 1.10 0.05/0.14/0.28/0.34/0.19 I’m good at finding words to describe my feelings

7 ✓ KIMS 3.67 1.02 0.02/0.11/0.26/0.38/0.23 I can easily put my beliefs, opinions, and expectations
into words

12 ✓ KIMS 3.74 1.08 0.04/0.10/0.20/0.39/0.26 It’s hard for me to find the words to describe what I’m
thinking

16 ✓ KIMS 3.68 1.11 0.04/0.13/0.21/0.36/0.26 I have trouble thinking of the right words to express
how I feel about things

22 ✓ ✓ KIMS 3.82 1.01 0.02/0.10/0.20/0.40/0.28 When I have a sensation in my body, it’s difficult for
me to describe it because I cannot find the rightwords

27 ✓ KIMS 3.41 1.10 0.06/0.14/0.29/0.35/0.16 Even when I’m feeling terribly upset, I can find a way
to put it into words

32 ✓ KIMS 3.27 1.10 0.06/0.20/0.29/0.33/0.13 My natural tendency is to put my experiences into
words

37 ✓ CAMS 3.37 1.14 0.07/0.16/0.27/0.34/0.16 I can usually describe how I feel at the moment in
considerable detail

Nonjudging 3 KIMS 3.50 1.18 0.06/0.15/0.25/0.31/0.24 I criticize myself for having irrational or inappropriate
emotions

10 ✓ KIMS 3.50 1.06 0.03/0.15/0.30/0.33/0.19 I tell myself I should not be feeling the way I’m
feeling

14 ✓ KIMS 3.86 1.07 0.02/0.11/0.22/0.31/0.35 I believe some of my thoughts are abnormal or bad
and I should not think that way

17 ✓ KIMS 3.27 1.13 0.05/0.22/0.30/0.26/0.16 I make judgments about whether my thoughts are
good or bad

25 ✓ ✓ KIMS 3.57 1.05 0.02/0.15/0.26/0.35/0.20 I tell myself that I should not be thinking the way I’m
thinking

30 ✓ ✓ KIMS 3.75 1.06 0.02/0.12/0.21/0.36/0.28 I think some of my emotions are bad or inappropriate
and I should not feel them

35 ✓ MQ 3.65 1.09 0.02/0.15/0.28/0.28/0.28 When I have distressing thoughts or images, I judge
myself as good or bad, depending what the thought
or image is about

39 ✓ KIMS 3.42 1.14 0.04/0.20/0.27/0.28/0.21 I disapprove of myself when I have irrational ideas

Nonreactivity 4 FMI 3.18 0.93 0.05/0.16/0.43/0.31/0.06 I perceive my feelings and emotions without having
to react to them

9 ✓ ✓ FMI 3.24 0.94 0.05/0.13/0.41/0.34/0.07 I watch my feelings without getting lost in them

19 ✓ ✓ MQ 3.16 0.99 0.07/0.16/0.39/0.32/0.07 When I have distressing thoughts or images, I ‘step
back’ and am aware of the thought or image
getting taken over by it

21 ✓ FMI 3.40 0.94 0.03/0.12/0.37/0.37/0.11 In difficult situations, I can pause without
immediately reacting
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presence of nearly duplicate items). If the facets contain
unmodeled dimensions or locally dependent items, this can have
several negative consequences. First, the latent factor score (or
total score) will be skewed toward measuring the items that are
locally dependent.When two of eight itemsmeasure whether the
individual is “easily distracted,” for example, then this concept
will be overrepresented in the resulting factor or total score, rel-
ative to other concepts reflected in the item pool. Second, the
loadings across items will no longer reflect the true relationship
of the items with the construct. Typically, loadings for locally
dependent items will be positively biased and loadings for other
items will be negatively biased. Third, reliability coefficients
(e.g., alpha) will be artificially inflated by the inclusion of com-
mon variance explained by the factors unrelated to the underlying
construct of interest (e.g., unmodeled dimension for item word-
ing similarity). Finally, relations of the measure with external
criteria can be either positively or negatively biased (e.g., Neal
and Carey 2005). Thus, the presence of unmodeled dimensions
or locally dependent items on the FFMQ facets could lead to
overestimates of reliability, narrow construct definition, inaccu-
rate relations of items to the overall construct, and biased rela-
tions of the facet to external criteria.

The purpose of this study was to investigate the psychometric
structure of the individual facets of the FFMQ using both

confirmatory and exploratory methods. We applied all psycho-
metric analyses in two different samples: adults recruited via
Amazon Mechanical Turk (N = 522) and individuals receiving
aftercare treatment for substance use disorder (N= 456).We eval-
uated whether each facet displayed sound, unidimensional struc-
ture, and attempted to remedy anymodel misfit that was revealed.

Method

Participants

Primary Sample (MTurk) The primary sample consisted of 522
adults living in the USA who completed the FFMQ on
Amazon Mechanical Turk (MTurk). These adults were partic-
ipating in a larger study involving the administration of many
different measures of self-regulation (Eisenberg et al. 2018,
2019; Enkavi et al. 2019). These 522 participants passed a
number of quality checks to promote valid responding
(Eisenberg et al. 2018) and there were no missing data. The
mean age of participants was 34 years (SD = 8, range = [20,
59]) and most were Caucasian (86%). Approximately half
were female (51%) and nearly half had a college degree
(44%).

Table 1 (continued)

Facet Item On
FFMQ-24

On
FFMQ-23

Source Mean SD % per response value Item label

24 ✓ ✓ MQ 3.02 1.00 0.08/0.21/0.38/0.29/0.05 When I have distressing thoughts or images, I feel
calm soon after

29 ✓ MQ 3.16 0.92 0.05/0.14/0.46/0.28/0.06 When I have distressing thoughts or images, I am
able just to notice them without reacting

33 ✓ MQ 3.05 0.96 0.07/0.18/0.45/0.25/0.06 When I have distressing thoughts or images, I just
notice them and let them go

Observing 1 KIMS 2.84 1.04 0.11/0.26/0.37/0.22/0.05 When I’m walking, I deliberately notice the
sensations of my body moving

6 KIMS 3.20 1.10 0.06/0.20/0.34/0.26/0.13 When I take a shower or bath, I stay alert to the
sensations of water on my body

11 KIMS 2.92 1.11 0.12/0.22/0.35/0.24/0.07 I notice how foods and drinks affect my thoughts,
bodily sensations, and emotions

15 ✓ ✓ KIMS 3.35 1.02 0.04/0.14/0.36/0.32/0.13 I pay attention to sensations, such as the wind in my
hair or sun on my face

20 ✓ ✓ KIMS 3.48 1.02 0.04/0.11/0.35/0.33/0.17 I pay attention to sounds, such as clocks ticking, birds
chirping, or cars passing

26 ✓ ✓ KIMS 3.86 0.96 0.02/0.05/0.25/0.39/0.28 I notice the smells and aromas of things

31 ✓ ✓ KIMS 3.58 1.01 0.03/0.09/0.33/0.36/0.19 I notice visual elements in art or nature, such as colors,
shapes, textures, or patterns of light and shadow

36 KIMS 3.47 0.92 0.02/0.12/0.34/0.41/0.11 I pay attention to how my emotions affect my
thoughts and behavior

Note. KIMS, Kentucky Inventory of Mindfulness Skills; CAMS, Cognitive and Affective Mindfulness Scale; MAAS, Mindfulness Attention and
Awareness Scale; MQ, Mindfulness Questionnaire; FMI, Freiburg Mindfulness Inventory (see the “Method” section for citations). “Source” indicates
which original mindfulness questionnaire the item was drawn from. “% per response value” indicates the percentage of participants responding in the
first, second, third, fourth, and fifth category on the response scale. Citations for short forms are as follows: FFMQ-24 (Bohlmeijer et al. 2011); FFMQ-23
(Burzler et al. 2019). Items were reverse-scored as indicated prior to calculating descriptive statistics. N = 522 for all items
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Replication Sample (Clinical) The replication sample was cre-
ated by combining data from two trials of mindfulness-based
relapse prevention for individuals with substance use disor-
ders (Bowen et al. 2009, 2014). Participants in both trials were
randomized to different aftercare conditions after completing
inpatient or intensive outpatient treatment. The FFMQ was
completed prior to randomization, and thus prior to receipt
of mindfulness-based relapse prevention training. The first
study (Bowen et al. 2009) included 168 adults with a mean
age of 41 years (SD = 10). 64% of participants were male,
54% were non-Hispanic white, 30% were African American,
15% were Native American, 5% were Hispanic or Latino/a,
41% were unemployed, and 72% had a high school degree.
The second study (Bowen et al. 2014) included 286 adults
with a mean age of 38 years (SD = 11). 75% of participants
were male, 53% were non-Hispanic white, 25% were African
American, 6% were Native American, 7% were Hispanic or
Latino/a, 66% were unemployed, and 66% had a high school
degree. These two studies were pooled into a single dataset in
order to produce a large replication dataset. 324 of 454 partic-
ipants (71%) had complete data across all 39 items, and no
item had more than 4% of responses missing.

Procedures

In the primary (MTurk) sample, participants completed the
FFMQ online using the Experiment Factory platform
(Sochat et al. 2016). In the replication (clinical) sample, par-
ticipants completed the FFMQ on a web-based survey plat-
form (DatStat Illume, DatStat, Incorporated, Seattle, WA). In
both samples, the FFMQ was one questionnaire within a larg-
er battery of completed measures.

Measures

The FFMQ consists of 39 items, with seven items measuring
nonreactivity and eight items measuring each of the other four
facets. Table 1 lists the items, indicates which of the five facets
they are supposed to load on, and reports descriptive statistics
for item responses in the primary sample. Respondents rated
each item on a scale from 1 (never or rarely true) to 5 (very
often or always true). Total scores on a facet were calculated
by summing item responses after reverse-scoring items that
indicated lower, rather than higher, levels of mindfulness.

Data Analyses

In preliminary analyses, we fit a series of factor models to the
entire FFMQ to ensure that the five-factor psychometric struc-
ture observed in the larger literature on the FFMQ replicated
in these samples. Next, we fit a series of factor models to each
facet of the FFMQ in order to examine the psychometric
structure of each facet separately.

Confirmatory Factor Models Confirmatory factor analyses were
fit in Mplus version 7.4 (Muthén and Muthén 2015). Although
the FFMQ items are categorical (i.e., have discrete response cat-
egories), much of the previous literature has analyzed them as if
continuous. To facilitate comparison to existing literature, we
report results for these analyses both (a) when modeling items
as categorical and (b) when modeling items as continuous. The
weighted least squares mean and variance adjusted (WLSMV)
estimator was used when modeling items as categorical. The
maximum likelihood (ML) estimator was used when modeling
items as continuous. For identification, means of factors were
fixed to zero, variances of factors were fixed to 1, and factor
intercorrelations, factor loadings, and item intercepts (or thresh-
olds) were freely estimated.

For each model, we report several fit statistics: the chi-
square test of model fit, the root mean square error of approx-
imation (RMSEA), the comparative fit index (CFI), the
weighted root mean square residual (WRMR), and the stan-
dardized root mean square residual (SRMR). Standard recom-
mendations are that a well-fitting model is indicated by a non-
significant chi-square statistic (i.e., p > .05), an RMSEA be-
low 0.06 (Hu and Bentler 1999), a CFI above 0.95 (Hu and
Bentler 1999), a WRMR below 1.0 (Yu 2002), and an SRMR
below 0.08 (Hu and Bentler 1999). These cutoffs are not strict
requirements but rather benchmarks against which to compare
our results (Millsap 2007; West, Taylor, and Wu 2012).

Exploratory Factor Models Parallel analysis (Horn 1965) was
used to evaluate the dimensionality of each facet. This proce-
dure consists of comparing the observed eigenvalues in the
dataset to a set of reference eigenvalues simulated under the
null hypothesis that the items are unrelated to each other (i.e.,
there are no common factors). We used bootstrapping to sim-
ulate the reference eigenvalues (B = 100; Revelle 2017), so
standard errors for the random references eigenvalues could
be calculated using the standard deviation of each eigenvalue
across bootstrap resamples. The number of factors was then
determined in two ways (Crawford et al. 2010). First, we
counted the number of observed eigenvalues that exceeded
the corresponding mean eigenvalues observed across
resamples (“mean eigenvalue criterion”). Second, we counted
the number of observed eigenvalues that exceeded the 95th
percentile of the resamples (“95th percentile eigenvalue crite-
rion”). The latter is a more conservative procedure in that it
requires stronger evidence for the presence of additional fac-
tors. All models were fit to the polychoric correlation matrix.

Next, exploratory factor analysis was conducted using the
number of factors indicated by the results of the parallel anal-
ysis procedure. This model was fit to the polychoric correla-
tion matrix using oblimin rotation. Both parallel analysis and
exploratory factor analysis models were conducted using the
psych package (Revelle 2017) in the R statistical software
environment (v3.6.1) (R Core Team 2019).

Mindfulness (2019) 10:2629–2646 2633



Attempts to Improve Fit When misfit was detected, we con-
sidered two strategies to improve fit. First, we examined the fit
of an alternative model specification: bifactor models.
Bifactor models can improve fit by incorporating orthogonal
factors that account for method effects (Chen et al. 2006).
Model specification was guided by inspection of the items
and the results of the EFA and CFA.

Second, we examined the fit of unidimensional models for
short versions of the FFMQ facets. Short versions of the facets
may improve fit by dropping items that contribute to misfit.
We examined the short versions defined by two previously
developed short forms that differed in their item selection:
the FFMQ-24 (Bohlmeijer et al. 2011) and the FFMQ-23
(Burzler et al. 2019). Table 1 indicates which items are present
on each form. These forms shared 15 items in common; the
FFMQ-24 includes nine items not present on the FFMQ-23
and the FFMQ-23 includes eight items not present on the
FFMQ-24.

If the use of short-form facets improves fit to a unidimen-
sional model, it is important to also demonstrate that this im-
provement is obtained without materially affecting the facets’
relation to other psychological constructs. This was investi-
gated by collecting extrinsic convergent validity evidence
(Fiske 1971; Lubinski 2004) comparing (a) the correlation
of a short-form facet with an external criterion to (b) the cor-
relation of the full-length facet with that same external crite-
rion. To be comprehensive, we tested the difference in these
dependent correlations with multiple external criteria. In the
primary sample, the external criteria were cigarettes smoked
per day, risky alcohol use, psychological distress, self-control,
behavioral inhibition, sensation seeking, future time perspec-
tive, conscientiousness, and openness (see Table 6). In the
replication sample, the external criteria were craving, depen-
dence severity, drinking problems, and acceptance (see
Table S4). For each criterion, we used the cocor package
(Diedenhofen and Musch 2015) to compare the dependent
correlations using the Williams (1959) test and characterize the
size of the difference using Cohen’s q (Cohen 1988). The False
Discovery Rate (FDR) correction was applied to all p-values to
adjust for multiple testing (Benjamini and Hochberg 1995).

Results

In each section, we first report results obtained in the primary
sample then compare them to those obtained in the replication
sample.

Preliminary Analyses

Before proceeding to one-facet models, preliminary analyses
verified that the five-factor structure of the full FFMQ found
in previous literature was also observed in these samples.

Confirmatory factor analyses indicated acceptable fit of the
five-factor model in both the primary and replication samples
(Table 2). When items were modeled as continuous (ML estima-
tor), in the primary sample the RMSEA was 0.066, CFI was
0.885, and SRMR was 0.067. Fit was worse in the replication
sample (RMSEA = 0.069, CFI = 0.791, SRMR = 0.097).
Although not always meeting recommended cutoffs, fit statistic
values were similar to those obtained in past work, with CFI in
particular being slightly lower (e.g., Baer et al. 2006: RMSEA=
0.06 and CFI = 0.96; Veehof et al. 2011: RMSEA= 0.080,
CFI = 0.908, SRMR = 0.098; Bohlmeijer et al. 2011:
RMSEA = 0.074, CFI = 0.914, SRMR = 0.073; Christopher
et al. 2012: RMSEA = 0.06, CFI = 0.97, SRMR = 0.09;
Williams et al. 2014: RMSEA= 0.074, CFI = 0.94 SRMR=
0.058). Parallel analysis suggested a five-factor solution in both
samples, matching the expected dimensionality of the question-
naire (see supplement). Exploratory factor analyses with five
factors generally recovered the familiar five facets (see
supplement). In summary, both confirmatory and exploratory
factor analyses replicated previous work in supporting a five-
factor model when the FFMQ was analyzed as a whole.

One-Facet Models

We next examined the psychometric structure of each of the
five facets separately.

Parallel Analysis Figure 1 shows the observed and resampled
eigenvalues for each facet in each sample (see Fig. S1 for a
zoomed-out version). Under the mean eigenvalue criterion,
parallel analysis suggested a 2-factor solution for acting with
awareness, 2-factor solution for describing, 2-factor solution
for nonjudging, 4-factor solution for nonreactivity, and 3-
factor solution for observing. Under the more conservative
95th percentile eigenvalue criterion, parallel analysis sug-
gested a 2-factor solution for acting with awareness, a 2-
factor solution for describing, a 1-factor solution for
nonjudging, a 2-factor solution for nonreactivity, and 3-
factor solution for observing. The first eigenvalues extracted
in parallel analysis were 13 to 33 times larger than the second
eigenvalues, which were uniformly small (0.17 to 0.42).

Exploratory Factor Analysis Exploratory factor models were fit
to each facet using the number of factors identified using the
more conservative 95th percentile eigenvalue criterion.
Results are shown in Table 3. For some facets, the factors that
emerged beyond the first factor were substantively interpret-
able. For example, on the describing facet, the first factor was
indicated by the five positively worded items, and the second
factor was indicated by the three negatively worded items (i.e.,
there was a method effect for item valence). On the actingwith
awareness facet, the first factor was mostly indicated by items
invoking the concepts of awareness and attention, and the
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second factor was mostly indicated by items invoking the
concepts of distraction and focus. On the observing facet,
the third factor was indicated by the three item prompts using
the word “sensations.” For other facets (e.g., nonreactivity), it
was difficult to interpret the meaning of the secondary factors.

Confirmatory Factor Analysis Confirmatory factor analyses
conducted separately by facet indicated poor model fit for all
five facets in the primary sample (Table 2). The chi-square test
of model fit was significant for all facets, indicating model fit
was worse than a saturated model. When items were modeled
as categorical (WLSMV estimator), the RMSEA (0.134–
0.218) and WRMR (1.084–2.209) were above the suggested
cutoffs for all facets, while the CFI was above the suggested
cutoff for four of five facets (0.945–0.986). When items were
modeled as continuous (ML estimator), RMSEA was gener-
ally better but still substantially above the suggested cutoff,
whereas CFI was generally worse and below the suggested
cutoff for four of five facets.

Modification Indices For each facet, more than half of the
modification indices were statistically significant (i.e.,
exceeded 3.84 at 1 df), suggesting that correlating the corre-
sponding items’ residuals would improve model fit. The larg-
est modification indices were for the residual correlation be-
tween pairs of very similar items. For example, the largest
modification index (MI = 147.35) was observed on the acting
with awareness facet, where the text of item number 13 (“I am
easily distracted”) was completely subsumedwithin the text of
item number 5 (“When I do things, my mind wanders off and
I’m easily distracted”). The second-largest modification index
(MI = 117.64) was observed on the describe facet, for two
items that were again very similar in wording and content:
“It’s hard for me to find the words to describe what I’m think-
ing” (#12) and “I have trouble thinking of the right words to
express how I feel about things” (#16).

Replication Sample Results in the replication sample were
generally consistent with those in the primary sample. As in

Table 2 Fit of confirmatory factor models

Estimator Sample Model # params χ2 df χ2/
df

p(χ2,df) RMSEA CFI WRMR SRMR

WLSMV Primary sample (MTurk) 5-Factor 205 2707 692 3.9 p < .001 0.075 0.938 1.908 –

1-Factor: acting with awareness 40 516 20 25.8 p < .001 0.218 0.964 2.209 –

1-Factor: describing 40 463 20 23.1 p < .001 0.206 0.969 1.674 –

1-Factor: nonjudging 40 208 20 10.4 p < .001 0.134 0.986 1.084 –

1-Factor: nonreactivity 35 174 14 12.4 p < .001 0.148 0.945 1.280 –

1-factor: observing 40 221 20 11.1 p < .001 0.139 0.964 1.344 –

Replication sample (clinical) 5-Factor 205 3628 692 5.2 p < .001 0.097 0.753 2.562 –

1-Factor: acting with awareness 40 368 20 18.4 p < .001 0.197 0.915 1.835 –

1-Factor: describing 40 689 20 34.5 p < .001 0.273 0.804 2.565 –

1-Factor: nonjudging 40 131 20 6.5 p < .001 0.111 0.962 1.054 –

1-Factor: nonreactivity 35 54 14 3.8 p < .001 0.079 0.970 0.762 –

1-Factor: observing 40 181 20 9 p < .001 0.134 0.938 1.265 –

ML Primary sample (MTurk) 5-Factor 127 2242 692 3.2 p < .001 0.066 0.885 – 0.067

1-Factor: acting with awareness 24 393 20 19.6 p < .001 0.189 0.878 – 0.055

1-Factor: describing 24 212 20 10.6 p < .001 0.136 0.939 – 0.040

1-Factor: nonjudging 24 109 20 5.4 p < .001 0.092 0.971 – 0.027

1-Factor: nonreactivity 21 97 14 6.9 p < .001 0.106 0.932 – 0.041

1-Factor: observing 24 139 20 7 p < .001 0.107 0.936 – 0.043

Replication sample (clinical) 5-Factor 127 2162 692 3.1 p < .001 0.069 0.791 – 0.097

1-Factor: acting with awareness 24 213 20 10.6 p < .001 0.147 0.874 – 0.067

1-Factor: describing 24 244 20 12.2 p < .001 0.158 0.825 – 0.088

1-Factor: nonjudging 24 84 20 4.2 p < .001 0.084 0.943 – 0.039

1-Factor: nonreactivity 21 30 14 2.2 p < .01 0.051 0.973 – 0.030

1-Factor: observing 24 117 20 5.8 p < .001 0.104 0.911 – 0.050

Note. WLSMV, weighted least squares mean and variance adjusted estimator;ML, maximum likelihood estimator; # params, number of free parameters;
χ2 , chi-square statistic of model fit; df, degrees of freedom for chi-square statistic; p, p value for chi-square test of model fit; RMSEA, root mean square
error of approximation; CFI, comparative fit index;WRMR, weighted root mean square residual; SRMR, standardized root mean square residual. Five-
factor models included all 39 items, each loading on their respective facet, and all five factors intercorrelated. One-factor models included only the items
on the indicated facet
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the primary sample, parallel analysis suggested that all five
facets were multidimensional under the mean eigenvalue cri-
terion and four of five facets were multidimensional under the
95th percentile eigenvalue criterion (the exception was
nonreactivity, which was found to be unidimensional).
Confirmatory factor models revealed that four out of five
facets exhibit poor fit (the exception was again nonreactivity).
When items were modeled as continuous (ML estimator), four
of five facets exceeded the suggested cutoffs for RMSEA, four
of five facets were below the suggested cutoff for CFI, and
two of five facets were above the suggested cutoff for SRMR.
When items were modeled as categorical (WLSMV estima-
tor), fit was similarly poor. Finally, more than half of modifi-
cation indices were statistically significant, and the highest
indices were observed for the residual correlation between
duplicative items.

Summary Parallel analysis suggested that all five facets were
multidimensional, although factors beyond the first one
accounted for a small proportion of variance. In some cases,
exploratory factor analyses suggested that the additional di-
mensions could be readily interpreted (e.g., the second factor
on describing was a method factor for item valence).
Confirmatory factor analyses indicated that all five facets of
the FFMQ exhibit poor to unacceptable fit, with the acting
with awareness and describing facets demonstrating particu-
larly poor fit. The nonjudging and nonreactivity facets ap-
peared to have better overall structure and fit than the other

facets. Results were generally consistent across primary and
replication samples.

Attempts to Improve the Fit of One-Facet Models

The fit of the individual facets to a unidimensional factor
model was in many cases quite poor (Table 2). In the context
of one-factor models, model fit can be improved (a) bymodel-
ing additional sources of covariance among the items beyond
the common factor (e.g., correlating residual item variances,
adding method factors) or (b) by dropping items contributing
to misfit. Since the eigenvalues of the second factors that
emerged in the exploratory factor models were very small
relative to the first factors, they might reflect subsets of the
items sharing wording or content similarity that leads to cor-
related residual variances.

Bifactor Models Per parallel analysis, the nonjudging facet was
found to be unidimensional in the primary sample and the
nonreactivity facet was found to be unidimensional in the
replication sample. In the EFAs, both facets produced
difficult-to-interpret second factors in the sample in which
parallel analysis suggested they might be multidimensional.
Thus, we did not consider these facets further for bifactor
modeling.

We fit bifactor models to the acting with awareness, de-
scribing, and observing facets. For the describing facet, we
fit a bifactor model with items 12, 16, and 22 (those that are

Fig. 1 Parallel analysis of individual facets of FFMQ. Each panel
indicates eigenvalues for a specific combination of facet (columns) and
sample (rows). “Observed” points are the eigenvalues observed in the
dataset. “Resampled” points are the mean eigenvalues observed in 100
bootstrap resamples, as described in methods. For the resampled points,

vertical error bars indicate plus or minus two standard deviations across
bootstrap resamples. The first observed eigenvalue exceeded the first
resampled eigenvalue in all cases, but the y-axis is shrunk to focus on
the point at which observed and resampled lines cross. See Fig. S1 for
version of the plot that shows full y-axis
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reverse-scored) loading onto an orthogonal method factor in
addition to the facet-wide common factor. For the acting with
awareness facet, we fit a bifactor model with items 5, 8, 13,
and 18 loading onto an orthogonal method factor in addition
the facet-wide common factor. For the observing facet, we fit
three bifactor models that included (a) an orthogonal method
factor for items beginning with the “I pay attention…” stem

(items 15, 20, 36), (b) an orthogonal method factor for items
beginning with the “I notice…” stem (items 11, 26, 31), and
(c) orthogonal method factors for both those groups of items.
Estimation did not converge for the models fit to the observing
facet, so they are not reported.

Table 4 reports the fit of unidimensional versus bifactor
confirmatory factor models for the acting with awareness

Table 3 Loadings in exploratory factor models fit separately to each facet

Facet Source Item Label Primary sample Replication
sample

F1 F2 F3 F1 F2

Acting with
awareness

MAAS 38 I find myself doing things without paying attention + 0.95 – – + 0.78
MAAS 34 I do jobs or tasks automatically without being aware of what I’m doing + 0.90 – – + 0.80
MAAS 28 I rush through activities without being really attentive to them + 0.81 – – + 0.67
MAAS 23 It seems I am ‘running on automatic’ without much awareness of what I’m doing + 0.63 + 0.24 + 0.20 + 0.61
KIMS 8 I do not pay attention to what I’m doing because I’m daydreaming, worrying, or

otherwise distracted
+ 0.26 + 0.61 + 0.75 –

MAAS 18 I find it difficult to stay focused on what’s happening in the present – + 0.67 + 0.66 –
KIMS 5 When I do things, my mind wanders off and I’m easily distracted – + 0.93 + 0.74 –
CAMS 13 I am easily distracted – + 0.94 + 0.92 –

Describing KIMS 32 My natural tendency is to put my experiences into words + 0.92 – + 0.86 –
CAMS 37 I can usually describe how I feel at the moment in considerable detail + 0.90 – + 0.85 –
KIMS 2 I’m good at finding words to describe my feelings + 0.74 – + 0.59 + 0.25
KIMS 7 I can easily put my beliefs, opinions, and expectations into words + 0.68 + 0.24 + 0.69 –
KIMS 27 Even when I’m feeling terribly upset, I can find a way to put it into words + 0.64 – + 0.66 –
KIMS 12 It’s hard for me to find the words to describe what I’m thinking – + 0.80 – + 0.76
KIMS 16 I have trouble thinking of the right words to express how I feel about things – + 0.88 – + 0.80
KIMS 22 When I have a sensation in my body, it’s difficult for me to describe it because I cannot

find the right words
– + 0.88 – + 0.61

Nonjudging KIMS 39 I disapprove of myself when I have irrational ideas + 0.99 –
MQ 35 When I have distressing thoughts or images, I judge myself as good or bad, depending

what the thought or image is about
+ 0.31 + 0.49

KIMS 3 I criticize myself for having irrational or inappropriate emotions + 0.25 + 0.45
KIMS 30 I think some of my emotions are bad or inappropriate and I should not feel them – + 0.72
KIMS 14 I believe some of my thoughts are abnormal or bad and I should not think that way – + 0.74
KIMS 25 I tell myself that I should not be thinking the way I’m thinking – + 0.81
KIMS 10 I tell myself I should not be feeling the way I’m feeling – + 0.58
KIMS 17 I make judgments about whether my thoughts are good or bad – + 0.65

Nonreactivity FMI 9 I watch my feelings without getting lost in them + 1.00 –
FMI 4 I perceive my feelings and emotions without having to react to them + 0.37 + 0.36
MQ 19 When I have distressing thoughts or images, I ‘step back’ and am aware of the thought

or image without getting taken over by it
– + 0.48

FMI 21 In difficult situations, I can pause without immediately reacting – + 0.62
MQ 29 When I have distressing thoughts or images, I am able just to notice them without

reacting
– + 0.94

MQ 33 When I have distressing thoughts or images, I just notice them and let them go – + 0.70
MQ 24 When I have distressing thoughts or images, I feel calm soon after – + 0.59

Observing KIMS 20 I pay attention to sounds, such as clocks ticking, birds chirping, or cars passing + 0.79 – – + 0.37 + 0.34
KIMS 26 I notice the smells and aromas of things + 0.78 – – – + 0.94
KIMS 31 I notice visual elements in art or nature, such as colors, shapes, textures, or patterns of

light and shadow
+ 0.72 – – + 0.36 + 0.40

KIMS 15 I pay attention to sensations, such as the wind in my hair or sun on my face + 0.50 – + 0.42 + 0.79 –
KIMS 36 I pay attention to how my emotions affect my thoughts and behavior + 0.22 + 0.46 – – + 0.47
KIMS 1 When I’m walking, I deliberately notice the sensations of my body moving + 0.22 + 0.28 + 0.39 + 0.68 –
KIMS 11 I notice how foods and drinks affect my thoughts, bodily sensations, and emotions – + 0.94 – + 0.54 –
KIMS 6 When I take a shower or bath, I stay alert to the sensations of water on my body – – + 0.93 + 0.84 –

Note. Based on the number of factors suggested by 95th percentile eigenvalue criterion in parallel analysis. Loadings below 0.20 are omitted (“–”) for
readability. Nonjudging facet was found to be unidimensional in the primary sample and nonreactivity facet was found to be unidimensional in
replication sample: these two solutions are omitted. In the primary sample, correlations among factors ranged from 0.61 (between F1 and F3 in
observing) to 0.83 (between F1 and F2 in describing). In the replication sample, correlations among factors ranged from 0.52 (between F1 and F2 in
describing) to 0.66 (between F1 and F2 in acting with awareness)

Mindfulness (2019) 10:2629–2646 2637



and describing facets. Fit of the acting with awareness facet
was substantially improved (p < .001 in likelihood ratio tests)
by adding a method factor for the items invoking distraction
(items 5, 8, 13, and 18). The facet met recommended cutoffs
for CFI, WRMR, and SRMR in all models; RMSEA ranged
from 0.065 to 0.114 across estimators and samples. Fit of the
describing facet was substantially improved (p < .001 in like-
lihood ratio tests) by adding a method factor for the items that
are reverse-scored (i.e., items that indicate having difficulty
describing). The facet met recommended cutoffs for CFI,
WRMR, and SRMR in all models; RMSEA ranged from
0.055 to 0.114 across estimators and samples.

Short Forms Table 5 reports fit of unidimensional confirmato-
ry factor models fit to short versions of the facets, as defined
by the FFMQ-24 (Bohlmeijer et al. 2011) and FFMQ-23
(Burzler et al. 2019). Fit of the facets to a unidimensional
factor model was somewhat better on the FFMQ-24 than on
the FFMQ-39. In the primary sample, when treating items as
categorical (estimator =WLSMV), the chi-square test of exact
model fit remained statistically significant (p < .05) for all five
facets. The acting with awareness and observing facets both
exhibited clear improvements in RMSEA, CFI, and WRMR,
with each meeting recommended cutoffs for at least two of the
three indices. Fit of the nonjudging and nonreactivity facets
exhibited more modest improvements, meeting some recom-
mended cutoffs while remaining above the cutoff for others
(e.g., RMSEA = 0.083 for nonjudging; RMSEA = 0.103 for

nonreactivity). Fit of the describing facet exhibited still less
improvement, remaining similar in RMSEA (0.216 vs. 0.206)
and χ2/df (25.4 vs. 23.1) while improving on CFI (0.984 vs.
0.969) and WRMR (1.056 vs. 1.674). A similar pattern was
observed when modeling items as continuous (estimator =
ML) and in the replication sample: fit improved substantially
for the acting with awareness and observing facets, less so for
the nonjudging and nonreactivity facets, and least for the de-
scribing facet. In summary, the FFMQ-24 facets generally
exhibited better fit to the unidimensional model than did the
FFMQ-39 facets, with some misfit remaining.

Fit of the facets to a unidimensional factor model was sub-
stantially better on the FFMQ-23 than on the FFMQ-39. In the
primary sample, when treating items as categorical (estima-
tor =WLSMV), the chi-square test of exact model fit was non-
significant (p > .05) for the describing, nonjudging, and ob-
serving facets, indicating close fit. Fit of the acting with
awareness facet improved substantially on RMSEA (0.157
vs. 0.218), CFI (0.996 vs. 0.964), and WRMR (0.596
vs. 2.209), meeting the recommended cutoff for two of
the three indices. Fit of the nonreactivity facet did not
change; the FFMQ-23 and FFMQ-39 include the same
items on this facet. A similar pattern was observed when
modeling items as continuous (estimator = ML) and in the
replication sample: fit to a unidimensional factor model
was substantially better in the FFMQ-23 facets (vs.
FFMQ-39 facets), with some misfit remaining on the act-
ing with awareness facet.

Table 4 Fit of bifactor models for facets

Estimator Sample Facet Model # params χ2 df χ2/
df

p(χ2,df) RMSEA CFI WRMR SRMR

WLSMV Primary sample
(MTurk)

Acting with
awareness

Unidimensional 40 516 20 25.8 p < .001 0.218 0.964 2.209 –

Bifactor: items 5, 8, 13, 18 44 117 16 7.3 p < .001 0.110 0.993 0.792 –

Describing Unidimensional 40 463 20 23.1 p < .001 0.206 0.969 1.674 –

Bifactor: items 12, 16, 22 43 105 17 6.2 p < .001 0.100 0.994 0.634 –

Replication sample
(clinical)

Acting with
awareness

Unidimensional 40 368 20 18.4 p < .001 0.197 0.915 1.835 –

Bifactor: items 5, 8, 13, 18 44 93 16 5.8 p < .001 0.104 0.981 0.758 –

Describing Unidimensional 40 689 20 34.5 p < .001 0.273 0.804 2.565 –

Bifactor: items 12, 16, 22 43 116 17 6.8 p < .001 0.114 0.971 0.888 –

ML Primary sample
(MTurk)

Acting with
awareness

Unidimensional 24 393 20 19.6 p < .001 0.189 0.878 – 0.055

Bifactor: items 5, 8, 13, 18 28 81 16 5.1 p < .001 0.088 0.979 – 0.024

Describing Unidimensional 24 212 20 10.6 p < .001 0.136 0.939 – 0.040

Bifactor: items 12, 16, 22 27 44 17 2.6 p < .001 0.055 0.992 – 0.019

Replication sample
(clinical)

Acting with
awareness

Unidimensional 24 213 20 10.6 p < .001 0.147 0.874 – 0.067

Bifactor: items 5, 8, 13, 18 28 46 16 2.9 p < .001 0.065 0.980 – 0.033

Describing Unidimensional 24 244 20 12.2 p < .001 0.158 0.825 – 0.088

Bifactor: items 12, 16, 22 27 53 17 3.1 p < .001 0.069 0.972 – 0.030

Note. WLSMV, weighted least squares mean and variance adjusted estimator;ML, maximum likelihood estimator; # params, number of free parameters;
χ2 , chi-square statistic of model fit; df, degrees of freedom for chi-square statistic; p, p-value for chi-square test of model fit; RMSEA, root mean square
error of approximation; CFI, comparative fit index; WRMR, weighted root mean square residual; SRMR, standardized root mean square residual. In
bifactor models, the listed items each loaded onto a method factor that was uncorrelated with the latent mindfulness construct
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Extrinsic Convergent Validity of Short-Form Facets
and FFMQ-39 Facets

Use of the short-form facets appeared to significantly improve
fit to the unidimensional model, but it was important to verify
that they still related similarly to external criteria. Table 6 re-
ports tests of extrinsic convergent validity in the primary sam-
ple. Each test evaluated the difference in the correlation of a
criterion variable with (a) the FFMQ-39 facet and (b) the short
form (i.e., FFMQ-24 or FFMQ-23) facet. After applying the
FDR correction, 14 of 81 differences were statistically signif-
icant (p < .05), with the correlation of the criterion with the
short-form facet being weaker than that with the FFMQ-39
facet in each instance. Effect sizes for the difference were all
below Cohen’s (1988) threshold for a “small” effect (i.e., q =
0.10), with absolute differences in the rmetric ranging from 0
to 0.05. Thus, results indicate that the FFMQ-39 facets and
their short-form equivalents were roughly empirically inter-
changeable for the prediction of smoking, risky alcohol use,
psychological distress, self-control, behavioral inhibition, sen-
sation seeking, future time perspective, conscientiousness,
and openness.

Table S4 reports tests of extrinsic convergent validity in the
replication sample. After applying the FDR correction, 6 of 36
differences were statistically significant (p < .05), with the cor-
relation of the criterion with the short-form facet being weaker
than that with the FFMQ-39 facet in each instance. Effect sizes
for the difference were all below Cohen’s (1988) threshold for
a “small” effect (i.e., q = 0.10), with absolute differences in the
rmetric ranging from 0 to 0.08. Thus, results indicate that the
FFMQ-39 facets and their short-form equivalents were rough-
ly empirically interchangeable for the prediction of craving,
dependence severity, drinking problems, and acceptance.

Discussion

We evaluated the factor structure of the individual facets of the
FFMQ in two samples. Parallel analysis suggested all five
facets were multidimensional. Exploratory factor models sug-
gested the presence of method factors on the acting with
awareness (items using the term “distraction”) and describing
facets (items that were reverse-scored). Confirmatory factor
models indicated poor model fit for all facets, in both samples.
Misfit was obscured when the facets were analyzed simulta-
neously (as in prior work) rather than independently. In
follow-up analyses, model fit improved substantially on the
acting with awareness and describing facets when method
factors were accounted for in a bifactor model. Model fit
was also better for the facets of FFMQ short forms (FFMQ-
24 and FFMQ-23) than for the full-length facets. Thus, the use
of short-form facets or latent variable models (e.g., bifactor

specifications) are both viable solutions for addressing multi-
dimensionality when desired.

FFMQ Facets Do Not Fit the Unidimensional Factor
Model

Confirmatory factor models showed that the FFMQ facets do
not fit the unidimensional factor model, and exploratory factor
models suggested they are multidimensional. Poor fit to a
unidimensional factor model has now been found in all three
samples in which the facets’ fit has been evaluated (Tran et al.
2013, plus our primary and replication samples). The pattern
of misfit could be traced to the presence of construct-irrelevant
common variance (e.g., method factor for item valence on the
describing facet). This implies that when investigators include
an individual facet from the FFMQ as a variable in their anal-
yses, they are in part measuring a latent mindfulness construct
and in part measuring method factors introduced by the
FFMQ items. Conflating method and mindfulness factors
limits the ability to precisely test theories about how different
aspects of mindfulness explain psychological phenomena,
undermining the original goal of the FFMQ.

The acceptable fit of the five facet model does not justify
the use of the individual facets. To see why, suppose that a
manuscript reporting the development of a new measure of
mindfulness is submitted for review. Confirmatory factor anal-
ysis of the new measure yields poor model fit statistics, and
exploratory factor analysis suggests that the measure is multi-
dimensional. However, the authors argue that when the mea-
sure is evaluated in a larger confirmatory factor analysis with
several additional, correlated scales, then this model fits the
data acceptably. Reviewers are unlikely to agree that this ar-
gument supports the psychometric adequacy of the new mind-
fulness measure. In the same way, the fact that the acting with
awareness facet shows acceptable fit in a model with four
other facets does not excuse its poor fit when modeled alone.

When Might the Multidimensionality of the Facets
Matter?

The empirical (or mathematical) multidimensionality of the
facets does not imply that they each measure multiple
substantive mindfulness constructs. In fact, the results of our
follow-up analyses suggest that each facet can be conceptual-
ized as substantively unidimensional. For the acting with
awareness and describing facets, accounting for method fac-
tors in a bifactor specification yielded reasonable fit to a sub-
stantively unidimensional model. For all five facets, the use of
short-form facets improved fit to a unidimensional model
while appearing to minimally affect the nature of the construct
per the extrinsic convergent validity tests. Thus, the current
findings support the conceptualization of each facet as mea-
suring a single mindfulness construct, with empirical
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Table 5 Fit of confirmatory factor models for one-facet models of FFMQ-39, FFMQ-24, and FFMQ-23

Estimator Sample Facet Form #
items

#
params

χ2 df χ2/
df

p(χ2,df) RMSEA CFI WRMR SRMR

WLSMV Primary sample
(MTurk)

Acting with
awareness

FFMQ-39 (Baer) 8 40 516 20 25.8 p < .001 0.218 0.964 2.209 –

FFMQ-24
(Bohlmeijer)

5 25 19 5 3.9 p < .01 0.074 0.998 0.427 –

FFMQ-23 (Burzler) 4 20 28 2 13.9 p < .001 0.157 0.996 0.596 –

Describing FFMQ-39 (Baer) 8 40 463 20 23.1 p < .001 0.206 0.969 1.674 –

FFMQ-24
(Bohlmeijer)

5 25 127 5 25.4 p < .001 0.216 0.984 1.056 –

FFMQ-23 (Burzler) 4 20 1 2 0.6 ns 0.000 1.000 0.101 –

Nonjudging FFMQ-39 (Baer) 8 40 208 20 10.4 p < .001 0.134 0.986 1.084 –

FFMQ-24
(Bohlmeijer)

5 25 23 5 4.6 p < .001 0.083 0.998 0.428 –

FFMQ-23 (Burzler) 4 20 0 2 0.1 ns 0.000 1.000 0.049 –

Nonreactivity FFMQ-39 (Baer) 7 35 174 14 12.4 p < .001 0.148 0.945 1.280 –

FFMQ-24
(Bohlmeijer)

5 25 33 5 6.5 p < .001 0.103 0.985 0.645 –

FFMQ-23 (Burzler) 7 35 174 14 12.4 p < .001 0.148 0.945 1.280 –

Observing FFMQ-39 (Baer) 8 40 221 20 11.1 p < .001 0.139 0.964 1.344 –

FFMQ-24
(Bohlmeijer)

4 20 1 2 0.3 ns 0.000 1.000 0.105 –

FFMQ-23 (Burzler) 4 20 1 2 0.3 ns 0.000 1.000 0.105 –

Replication
sample
(clinical)

Acting with
awareness

FFMQ-39 (Baer) 8 40 368 20 18.4 p < .001 0.197 0.915 1.835 –

FFMQ-24
(Bohlmeijer)

5 25 36 5 7.3 p < .001 0.118 0.984 0.697 –

FFMQ-23 (Burzler) 4 20 12 2 6.0 p < .01 0.105 0.996 0.383 –

Describing FFMQ-39 (Baer) 8 40 689 20 34.5 p < .001 0.273 0.804 2.565 –

FFMQ-24
(Bohlmeijer)

5 25 173 5 34.6 p < .001 0.274 0.877 1.704 –

FFMQ-23 (Burzler) 4 20 13 2 6.5 p < .01 0.110 0.994 0.439 –

Nonjudging FFMQ-39 (Baer) 8 40 131 20 6.5 p < .001 0.111 0.962 1.054 –

FFMQ-24
(Bohlmeijer)

5 25 15 5 3.1 p < .01 0.068 0.992 0.513 –

FFMQ-23 (Burzler) 4 20 0 2 0.1 ns 0.000 1.000 0.055 –

Nonreactivity FFMQ-39 (Baer) 7 35 54 14 3.8 p < .001 0.079 0.970 0.762 –

FFMQ-24
(Bohlmeijer)

5 25 30 5 5.9 p < .001 0.104 0.969 0.686 –

FFMQ-23 (Burzler) 7 35 54 14 3.8 p < .001 0.079 0.970 0.762 –

Observing FFMQ-39 (Baer) 8 40 181 20 9.0 p < .001 0.134 0.938 1.265 –

FFMQ-24
(Bohlmeijer)

4 20 10 2 5.0 p < .01 0.095 0.992 0.410 –

FFMQ-23 (Burzler) 4 20 10 2 5.0 p < .01 0.095 0.992 0.410 –

ML Primary sample
(MTurk)

Acting with
awareness

FFMQ-39 (Baer) 8 24 393 20 19.6 p < .001 0.189 0.878 – 0.055

FFMQ-24
(Bohlmeijer)

5 15 13 5 2.6 p < .05 0.056 0.995 – 0.014

FFMQ-23 (Burzler) 4 12 20 2 9.8 p < .001 0.130 0.986 – 0.016

Describing FFMQ-39 (Baer) 8 24 212 20 10.6 p < .001 0.136 0.939 – 0.040

FFMQ-24
(Bohlmeijer)

5 15 45 5 9.1 p < .001 0.124 0.975 – 0.024

FFMQ-23 (Burzler) 4 12 0 2 0.2 ns 0.000 1.000 – 0.003

Nonjudging FFMQ-39 (Baer) 8 24 109 20 5.4 p < .001 0.092 0.971 – 0.027

FFMQ-24
(Bohlmeijer)

5 15 9 5 1.9 ns 0.040 0.997 – 0.010

FFMQ-23 (Burzler) 4 12 0 2 0.1 ns 0.000 1.000 – 0.002

Nonreactivity FFMQ-39 (Baer) 7 21 97 14 6.9 p < .001 0.106 0.932 – 0.041
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multidimensionality arising from other sources of common
variance (e.g., duplication in item wording, reverse-scoring).
Investigators may benefit from considering the ways in which
the facets’ empirical multidimensionality might affect infer-
ences in their own specific research applications.

One way that multidimensionality may be important is by
affecting the relation of the facets to other psychological con-
structs (Reise et al. 2013a,b). We probed this possibility indi-
rectly via the tests of extrinsic convergent validity of the short-
form and full-length facets. The short-form facets had better fit
to a unidimensional model (i.e., were less multidimensional)
and yet correlated similarly to the full-length facets with other
measures in the primary and replication samples (Table 6,
Table S4). This is reassuring because it suggests that multidi-
mensionality in the facets would not materially affect scientif-
ic conclusions about their relation to the external measures we
evaluated. However, we tested only a limited set of external
criteria and so cannot establish that this pattern will apply to
all possible applications. The impact may be larger when the

external criterion is related to the method factor—for example,
the correlation between the acting with awareness facet and an
external measure of distractibility might be especially inflated
by the presence of the “distraction” method factor.

Another way that multidimensionality may be important
is in affecting the apparent fit of structural equation models
that include an FFMQ facet. Suppose one is testing the
substantive theory that the acting with awareness facet of
mindfulness fully mediates the relationship between social
anxiety and drinking problems (Clerkin et al. 2017). In
such an application, the poor fit of the measurement com-
ponent of the model (i.e., eight items loading on a single
latent variable for acting with awareness) may result in
apparently poor fit statistics for the model as whole (e.g.,
RMSEA > 0.10, CFI < 0.90). The investigator could
mistakenly interpret this poor model fit as evidence against
the structural component of his or her theory (i.e., full
mediation), when in fact it simply reflects multidimensionality
in the FFMQ facet.

Table 5 (continued)

Estimator Sample Facet Form #
items

#
params

χ2 df χ2/
df

p(χ2,df) RMSEA CFI WRMR SRMR

FFMQ-24
(Bohlmeijer)

5 15 16 5 3.3 p < .01 0.066 0.985 – 0.025

FFMQ-23 (Burzler) 7 21 97 14 6.9 p < .001 0.106 0.932 – 0.041

Observing FFMQ-39 (Baer) 8 24 139 20 7.0 p < .001 0.107 0.936 – 0.043

FFMQ-24
(Bohlmeijer)

4 12 0 2 0.2 ns 0.000 1.000 – 0.004

FFMQ-23 (Burzler) 4 12 0 2 0.2 ns 0.000 1.000 – 0.004

Replication
sample
(clinical)

Acting with
awareness

FFMQ-39 (Baer) 8 24 213 20 10.6 p < .001 0.147 0.874 – 0.067

FFMQ-24
(Bohlmeijer)

5 15 27 5 5.3 p < .001 0.099 0.969 – 0.032

FFMQ-23 (Burzler) 4 12 5 2 2.4 ns 0.057 0.996 – 0.012

Describing FFMQ-39 (Baer) 8 24 244 20 12.2 p < .001 0.158 0.825 – 0.088

FFMQ-24
(Bohlmeijer)

5 15 67 5 13.4 p < .001 0.167 0.882 – 0.066

FFMQ-23 (Burzler) 4 12 7 2 3.6 p < .05 0.076 0.991 – 0.017

Nonjudging FFMQ-39 (Baer) 8 24 84 20 4.2 p < .001 0.084 0.943 – 0.039

FFMQ-24
(Bohlmeijer)

5 15 11 5 2.1 ns 0.051 0.989 – 0.020

FFMQ-23 (Burzler) 4 12 0 2 0.1 ns 0.000 1.000 – 0.003

Nonreactivity FFMQ-39 (Baer) 7 21 30 14 2.2 p < .01 0.051 0.973 – 0.030

FFMQ-24
(Bohlmeijer)

5 15 14 5 2.8 p < .05 0.064 0.975 – 0.027

FFMQ-23 (Burzler) 7 21 30 14 2.2 p < .01 0.051 0.973 – 0.030

Observing FFMQ-39 (Baer) 8 24 117 20 5.8 p < .001 0.104 0.911 – 0.050

FFMQ-24
(Bohlmeijer)

4 12 7 2 3.6 p < .05 0.076 0.988 – 0.019

FFMQ-23 (Burzler) 4 12 7 2 3.6 p < .05 0.076 0.988 – 0.019

Note. WLSMV, weighted least squares mean and variance adjusted estimator;ML, maximum likelihood estimator; # items, number of items on facet; #
params, number of free parameters; χ2 , chi-square statistic of model fit; df, degrees of freedom for chi-square statistic; p, p-value for chi-square test of
model fit; RMSEA, root mean square error of approximation; CFI, comparative fit index; WRMR, weighted root mean square residual; SRMR,
standardized root mean square residual. Forms are the FFMQ-39 (Baer et al. 2006); the FFMQ-24 (Bohlmeijer et al. 2011); and the FFMQ-23
(Burzler et al. 2019)
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Table 6 Tests of extrinsic convergent validity of facets of FFMQ-39, FFMQ-24, and FFMQ-23 in primary sample

Form Facet Criterion N r(full,crit) r(short,crit) r(full,short) Cohen’s q p

FFMQ-24
(Bohlmeijer)

Acting with awareness Cigarettes per day 522 0.13 0.12 0.96 + 0.02 ns

Risky alcohol use (AUDIT) 522 − 0.16 − 0.16 0.96 + 0.01 ns

Psychological distress (K6) 522 − 0.36 − 0.35 0.96 − 0.01 ns

Self-control (BSCS) 522 0.65 0.62 0.96 + 0.05 p < .05

Behavioral inhibition (BIS/BAS) 522 − 0.29 − 0.27 0.96 − 0.03 ns

Sensation seeking (UPPS-P) 522 − 0.05 − 0.08 0.96 + 0.03 ns

Future time perspective (ZTPI) 522 0.44 0.41 0.96 + 0.04 p < .05

Conscientiousness (TIPI) 522 0.53 0.49 0.96 + 0.05 p < .05

Openness (TIPI) 522 0.17 0.18 0.96 − 0.02 ns

Describing Cigarettes per day 522 0.10 0.09 0.98 + 0.01 ns

Risky alcohol use (AUDIT) 522 − 0.05 − 0.05 0.98 + 0.00 ns

Psychological distress (K6) 522 − 0.29 − 0.30 0.98 + 0.01 ns

Self-control (BSCS) 522 0.42 0.43 0.98 − 0.01 ns

Behavioral inhibition (BIS/BAS) 522 − 0.27 − 0.29 0.98 + 0.01 ns

Sensation seeking (UPPS-P) 522 0.07 0.06 0.98 + 0.00 ns

Future time perspective (ZTPI) 522 0.25 0.24 0.98 + 0.01 ns

Conscientiousness (TIPI) 522 0.27 0.27 0.98 − 0.00 ns

Openness (TIPI) 522 0.28 0.25 0.98 + 0.02 p < .05

Nonjudging Cigarettes per day 522 0.03 0.04 0.98 − 0.00 ns

Risky alcohol use (AUDIT) 522 − 0.15 − 0.14 0.98 − 0.01 ns

Psychological distress (K6) 522 − 0.41 − 0.39 0.98 − 0.02 ns

Self-control (BSCS) 522 0.34 0.31 0.98 + 0.03 p < .05

Behavioral inhibition (BIS/BAS) 522 − 0.32 − 0.31 0.98 − 0.01 ns

Sensation seeking (UPPS-P) 522 − 0.09 − 0.08 0.98 − 0.01 ns

Future time perspective (ZTPI) 522 0.05 0.02 0.98 + 0.02 p < .05

Conscientiousness (TIPI) 522 0.20 0.18 0.98 + 0.03 p < .05

Openness (TIPI) 522 0.12 0.09 0.98 + 0.02 p < .05

Nonreactivity Cigarettes per day 522 0.10 0.09 0.97 + 0.01 ns

Risky alcohol use (AUDIT) 522 − 0.05 − 0.04 0.97 − 0.01 ns

Psychological distress (K6) 522 − 0.32 − 0.33 0.97 + 0.01 ns

Self-control (BSCS) 522 0.39 0.38 0.97 + 0.02 ns

Behavioral inhibition (BIS/BAS) 522 − 0.41 − 0.41 0.97 − 0.01 ns

Sensation seeking (UPPS-P) 522 0.12 0.13 0.97 − 0.01 ns

Future time perspective (ZTPI) 522 0.20 0.17 0.97 + 0.02 ns

Conscientiousness (TIPI) 522 0.26 0.23 0.97 + 0.03 p < .05

Openness (TIPI) 522 0.17 0.18 0.97 − 0.01 ns

Observing Cigarettes per day 522 0.08 0.05 0.92 + 0.03 ns

Risky alcohol use (AUDIT) 522 − 0.00 − 0.02 0.92 + 0.01 ns

Psychological distress (K6) 522 0.03 0.03 0.92 − 0.00 ns

Self-control (BSCS) 522 0.23 0.22 0.92 + 0.00 ns

Behavioral inhibition (BIS/BAS) 522 0.02 0.04 0.92 − 0.02 ns

Sensation seeking (UPPS-P) 522 0.03 0.03 0.92 + 0.01 ns

Future time perspective (ZTPI) 522 0.25 0.25 0.92 + 0.00 ns

Conscientiousness (TIPI) 522 0.18 0.16 0.92 + 0.02 ns

Openness (TIPI) 522 0.27 0.26 0.92 + 0.01 ns

FFMQ-23
(Burzler)

Acting with awareness Cigarettes per day 522 0.13 0.13 0.94 + 0.01 ns

Risky alcohol use (AUDIT) 522 − 0.16 − 0.14 0.94 − 0.02 ns

Psychological distress (K6) 522 − 0.36 − 0.34 0.94 − 0.03 ns

Self-control (BSCS) 522 0.65 0.63 0.94 + 0.04 ns
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More generally, multidimensionality on the FFMQ facets
will convey the negative consequences outlined in the intro-
duction. The latent factor score will be skewed toward items
linked by method effects (e.g., wording similarity); the load-
ings across items will no longer reflect the true relations of the
items to the construct (Edwards et al. 2017); reliability coef-
ficients will be artificially inflated (Green and Yang 2009).
These consequences can be illustrated when considering the
bifactor models fit to the acting with awareness facet.

Regarding bias in item-construct relations, after adding a
method factor for items asking about “distraction,” the median
absolute change in item factor loading was 0.07 (range = 0–
0.12) for the primary sample and 0.13 (range = 0.06–0.20) for
the replication sample. Regarding bias in reliability coeffi-
cients, in the primary sample, 86% of the common variance
was explained by the latent acting with awareness construct
and 9% was explained by the orthogonal method factor—
these numbers were 77% and 12% in the replication sample

Table 6 (continued)

Form Facet Criterion N r(full,crit) r(short,crit) r(full,short) Cohen’s q p

Behavioral inhibition (BIS/BAS) 522 − 0.29 − 0.31 0.94 + 0.02 ns

Sensation seeking (UPPS-P) 522 − 0.05 − 0.02 0.94 − 0.04 ns

Future time perspective (ZTPI) 522 0.44 0.43 0.94 + 0.02 ns

Conscientiousness (TIPI) 522 0.53 0.50 0.94 + 0.04 ns

Openness (TIPI) 522 0.17 0.13 0.94 + 0.04 ns

Describing Cigarettes per day 522 0.10 0.11 0.96 − 0.01 ns

Risky alcohol use (AUDIT) 522 − 0.05 − 0.04 0.96 − 0.01 ns

Psychological distress (K6) 522 − 0.29 − 0.24 0.96 − 0.05 p < .05

Self-control (BSCS) 522 0.42 0.37 0.96 + 0.06 p < .05

Behavioral inhibition (BIS/BAS) 522 − 0.27 − 0.23 0.96 − 0.05 p < .05

Sensation seeking (UPPS-P) 522 0.07 0.08 0.96 − 0.01 ns

Future time perspective (ZTPI) 522 0.25 0.24 0.96 + 0.01 ns

Conscientiousness (TIPI) 522 0.27 0.24 0.96 + 0.03 ns

Openness (TIPI) 522 0.28 0.27 0.96 + 0.01 ns

Nonjudging Cigarettes per day 522 0.03 0.03 0.97 + 0.00 ns

Risky alcohol use (AUDIT) 522 − 0.15 − 0.15 0.97 + 0.00 ns

Psychological distress (K6) 522 − 0.41 − 0.42 0.97 + 0.02 ns

Self-control (BSCS) 522 0.34 0.37 0.97 − 0.03 p < .05

Behavioral inhibition (BIS/BAS) 522 − 0.32 − 0.30 0.97 − 0.02 ns

Sensation seeking (UPPS-P) 522 − 0.09 − 0.09 0.97 + 0.00 ns

Future time perspective (ZTPI) 522 0.05 0.08 0.97 − 0.03 p < .05

Conscientiousness (TIPI) 522 0.20 0.22 0.97 − 0.02 ns

Openness (TIPI) 522 0.12 0.10 0.97 + 0.01 ns

Observing Cigarettes per day 522 0.08 0.05 0.92 + 0.03 ns

Risky alcohol use (AUDIT) 522 − 0.00 − 0.02 0.92 + 0.01 ns

Psychological distress (K6) 522 0.03 0.03 0.92 − 0.00 ns

Self-control (BSCS) 522 0.23 0.22 0.92 + 0.00 ns

Behavioral inhibition (BIS/BAS) 522 0.02 0.04 0.92 − 0.02 ns

Sensation seeking (UPPS-P) 522 0.03 0.03 0.92 + 0.01 ns

Future time perspective (ZTPI) 522 0.25 0.25 0.92 + 0.00 ns

Conscientiousness (TIPI) 522 0.18 0.16 0.92 + 0.02 ns

Openness (TIPI) 522 0.27 0.26 0.92 + 0.01 ns

Note. r(full,crit), correlation between FFMQ-39 facet and criterion variable; r(short,crit), correlation between short form (i.e., FFMQ-24 or FFMQ-23)
facet and criterion variable; r(full,short), correlation between FFMQ-39 facet and short-form facet; p, is p value for test of difference between r(full,crit)
and r(short,crit) using the Williams (1959) method. All p values in extrinsic convergent validity analyses were corrected with the False Discovery Rate
correction (Benjamini and Hochberg 1995). Risky alcohol use is the total score from the Alcohol Use Disorders Identification Test (AUDIT; Saunders et
al. 1993). Psychological distress was measured via the Kessler Psychological Distress (K6) Scale (Kessler et al. 2002). Self-control was measured via the
Brief Self-Control Scale (Tangney et al. 2004). Behavioral inhibition was measured via the BIS/BAS (Carver and White 1994). Sensation seeking was
measured via the UPPS-P Scale (Lynam et al. 2006). Conscientiousness and openness were measured via the Ten Item Personality Inventory (Gosling et
al. 2003)
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(see supplement). Thus, the presence of multidimensionality
affected estimates of item-construct relations and of score
reliability.

Options for Addressing the Multidimensionality
of the Facets

The fact that the short-form and full-length facets correlated
similarly with external criteria suggests the multidimensional-
ity of the facets may be safe to ignore in many applications,
with its impact varying on a case-by-case basis. When it is
desired, there are at least two ways to address multidimension-
ality in the facets. The first way is to use short-form versions
of the facets (e.g., FFMQ-24 or FFMQ-23). This has the ad-
vantage of being a simple solution to implement: the user can
simply calculate the facet sum-score using a subset of the
items and then proceed with his or her planned analysis.
However, there are two downsides to using the short-forms
to address multidimensionality. The first downside is reduced
content span. Facet unidimensionality may be obtained by
dropping items that contribute to misfit but this simultaneous-
ly reduces content span. For example, the FFMQ-23 (Burzler
et al. 2019) short version of the acting with awareness facet
excludes all the items invoking “automaticity” so that the re-
maining four just ask about distraction (i.e., the developers
chose the second of the two factors that emerge in EFA in
our data). The second downside is reduced score reliability.
In the primary sample, relative to the FFMQ-39 facets, coef-
ficient alpha was on average 0.04 lower for the FFMQ-24
facets and 0.03 lower for the FFMQ-23 facets (cf. average
decrements of 0.07 and 0.04 in the replication sample). The
decrement in score reliability is even larger for individuals in
the lower and upper ranges of the mindfulness constructs
(Pelham III et al. 2019).

The second way to address multidimensionality in the facets
is the use of measurement models in a structural equation model-
ing framework (Podsakoff et al. 2003; Podsakoff et al. 2012). For
example, one could fit a bifactor model to the acting with aware-
ness facet (as we did here) to account for the method factor while
examining the relationship of the acting with awareness factor
with another measure (Chen et al. 2006). Relative to the use of
short-form facets, addressing multidimensionality through mea-
surement models is more difficult to implement but allows reten-
tion of all items, improving score reliability.

Implications for Future Methodological Evaluations
of the FFMQ

The multidimensionality of the individual facets is masked
when all five facets are modeled simultaneously, as five
intercorrelated factors. For example, in both of our samples,
the RMSEA and χ2 / df of the five facet model were superior
to those of each of the constituent one-facet models (Table 2).

This seeming paradox may be explained by the fact that fit
indices pool misfit from across the entire model, allowing
good fit in one component of the model (e.g., elements of
the covariance matrix relating an item from the first factor to
items from a second factor) to obscure poor fit in another
component of the model (e.g., elements of the covariance
matrix relating an item from the first factor to other items from
the first factor) (Anderson and Gerbing 1988).

A clear implication is that future psychometric evaluations
of the FFMQ can benefit from including analyses of each facet
separately. Just as the five facet model masked poor fit in the
individual facets, other psychometric issues may similarly be
masked when analyzing all five facets in a single model. For
example, a scale’s metric invariance is commonly tested by
constraining the factor loadings to be equal across two groups
(e.g., males and females) and then testing the significance in
the change in the chi-square statistic before and after imposing
the invariance constraints (Millsap and Olivera-Aguilar 2015).
In the context of the full FFMQ, the observed change in the
chi-square statistic would reflect misfit across all five facets,
such that substantial measurement bias on one of the five
facets could be masked by invariance on the other four. If
the facets serve as independent measures of different aspects
of mindfulness, then we should evaluate their performance
both individually and as a whole.

Limitations

Some limitations arise from the nature of the samples. Neither
sample included a subgroup expected to be especially high on
mindfulness (e.g., experienced meditators). Participants in the
primary sample completed a series of quality checks to pro-
mote valid responding (Eisenberg et al. 2018), but these data
still retain the limitations endemic to an MTurk sample.
Participants in the replication sample had all received inpatient
or intensive outpatient care for Substance Use Disorder, a
population that may exhibit lower mindfulness than the gen-
eral population (Karyadi et al. 2014).

Additional limitations pertain to our methods. First, we
were unable to attain convergence in bifactor models fit to
the observing facet. Bayesian estimation might be an alterna-
tive approach that could address convergence problems.
Second, while we strove to include a range of criterion vari-
ables in our assessment of extrinsic convergent validity, we
still omitted a number of constructs that investigators have
been interested in relating to mindfulness facets (e.g.,
empathy; MacDonald and Price 2017).

In summary, the purpose of this study was to investigate the
psychometric structure of the individual facets of the FFMQ.
Contrary to expectations based on published analyses of the
scale as a whole (i.e., all five facets), we found that the FFMQ
facets generally do not fit the unidimensional factor model.
Follow-up analyses suggested that the facets can still be
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considered substantively unidimensional, with empirical mul-
tidimensionality arising frommethod effects (e.g., shared item
wording). Investigators may benefit from being aware of the
facets’ multidimensionality and the ways in which it might
affect inferences in their own specific research application.
The use of short-form facets or latent variable models (e.g.,
bifactor specifications) are both viable solutions for address-
ing multidimensionality.
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